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Acquire data of demolished homes
Acquire facade imagery
Train model to draw masks on facades in imagery

Train demolition model to predict likelihood of
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Methodology — 4. Model

Data exclusively of demolished homes

Training data usage: 29,052 total images
« Train images: 24,289
« Valimages: 2,323
« Test images: 2,440

Base rate at < 48 months: 28.7%

Trained on gold, silver, and bronze-tier
masked facade imagery
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Address ID = 6828690
« Captures from 2009 to 2013
« Demo date: 2018-05-10
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RESULTS - Fagcade Model

Facade Model Performance

Metrics
Threshold = 0.7891, n=2440

Accuracy 85.7% (Base rate = 28.7%)
Precision 82.1%
Recall 64.1%
F1 0.72

Predicted PR-AUC
Actual Positive  Negative AUROC

TP: 449 FN: 251 Brier
(18.4%) (10.3%) (replay aggregate)

FP: 98 TN: 1642 ECE
(4.0%) (67.3%) (replay aggregate)

Positive

Negative
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Methodology — 4. ConvNeXt Model
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3-channel image (RGB) and 2-channel mask (Facade + Loft)
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4-stage ConvNeXt Spatial Encoder:
Extract abstract features while downsampling resolution
4x224x224x5 2 2> 4x7x7x1024
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Global Average Pooling:
Summarizes each image into a single vector
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Temporal Metadata:
days_since_first
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Transformer:
Uses self-attention to identify temporal frends
Ax1x1x512
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Methodology — 4. ConvNeXt Model
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1024

Hazard Head (48-month demolition risk):
Converts summarized temporal features into single probability
Reveal Ax1x1x512 =2 1x1Ix1x]1
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RESULTS — SAM Head

SAM Head Performance

Overall Metrics
test_mean_iou 0.6973
test_iou_facade 0.6863
test_iou_lot 0.4979
n_test_samples 102

Metrics — Fagade Metrics - Lot
Precision 82.15% Precision 61.51%
Recall 78.75% Recall 84.83%

Fl 80.42% Fl 71.31%
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SAM Head Performance - High loU

Example Address (same as right image) Example Address (same as left image)
Reveal
Labsz



RESULTS — SAM Head

SAM Head Performance - High loU

Ground Truth (i.e., Human-labeled) SAM Head Output (i.e., Machine-labeled)

Reveal
Labs =



RESULTS — SAM Head

SAM Head Performance - High loU

Ground Truth (i.e., Human-labeled) SAM Head Output (i.e., Machine-labeled)
Reveal
Labs =



125









Trve Negaiive

-

1) Start: 2007-10-01



Trve Negaiive

-

1) Start: 2007-10-01



RESULTS - Fagcade Model

Predicted demo > 48 months

Address ID = 6022716
« Captures from 2009 to 2019
« Demo date: 2019-08-16
* Days to demolition (from last): 46
 Model score: 0.572 (<0.7891)
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RESULTS - Fagcade Model

Predicted demo > 48 months

Address ID = 6022716
« Captures from 2009 to 2019
« Demo date: 2019-08-16
* Days to demolition (from last): 46
 Model score: 0.572 (<0.7891)
« Post-demo photo: 2022-07-01
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